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Abstract  
Pavement deterioration is a factor contributing to the higher roughness of the road and lower driving comfort in 

road trips. The pavement roughness measurement has long been an especially important topic to the practitioners. 

The pavement condition index (PCI) and the international roughness index (IRI) have been applied as two key 

measures of the quality and performance of the road pavement at the level of project or the road network. Since 

the pavement condition assessment across a road network by means of the PCI is highly expensive, the present 

research aims at estimating the PCI based on the IRI to save time and money while evaluating the pavement 

condition across a road network. For this purpose, we considered three IRI and PCI measurements over main 

suburban roads in a cold-weather area during a period of 6 years. Firstly, the independence of errors was controlled 

using the Durbin – Watson statistic, followed by evaluating the normality of the data using the Kolmogorov – 

Smirnov and the Shapiro – Wilk tests. In order to measure the correlation of the normal data, we used the Pearson’s 

tests. Results of regression analysis between IRI and PCI showed that the best equation describing their association 

is a linear inverse model with an R2 = 0.992. A statistical comparison was made between the observed and 

predicted PCI values and model developed in the present research was further compared to similar research works, 

exhibiting acceptable agreement of the results.  
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1. Introduction 

Every day, millions of light and heavy vehicles 

travel over thousands of kilometers of road in Iran 

to transport goods and passengers. The passing 

traffic is among the main factors contributing to 

defects occurred to the pavement. Therefore, 

pavement assessment plays a key role in making 

proper decisions regarding the maintenance of the 

road network. So far, various indices have been 

proposed for assessing the pavement condition.  

[E. M. Ibrahim et al. 2020]. 

Generally categorized as either structural or 

performance-oriented, some of the most popular 

instances of these indices include Present 

serviceability index (PSI), pavement quality 

index (PQI), pavement distress index (PDI), 

pavement structural condition (PSC), pavement 

condition rating (PCR), structural condition index 

(SCI), riding comfort index (RCI), critical 

condition index (CCI), crack index (CI), 

pavement performance index (PPI), surface 

distresses index (SDI), overall pavement 

condition (OPC), urban distresses index (UDI), 

putting index (RI), distresses manifestation index 

(DMI), international roughness index (IRI) and 

pavement condition index (PCI) [Hafez et al., 

2019; ODOT, 2004; Nam et al., 2016; Jannat and 

Tighe, 2015; Papagiannakis et al., 2009]. 

Given the available set of data, we considered the 

association between PCI and IRI for assessing the 

pavement performance. The road roughness has 

been defined as unevenness of the pavement 

surface with reference to a horizontal baseline, 

which leads to vibration of vehicle as it driven 

over the road. The IRI is one of the parameters 

used to measure the pavement roughness. It has 

been accepted as an international index of road 

roughness since 1982.  [Zavagna, Khanal and 

Souliman, 2018].  

This index is evaluated by dividing the height of 

uneven features over a predefined length of road 

by the distance of that segment, expressed in 

m/km or in/mi [Sayers et al., 1986].When a 

pavement is loaded, it is anticipated to exhibit an 

IRI in the range of 0.810 to 1.03 m/km, depending 

on its type, construction quality, and the path 

slope.  [Smith and ram. 2016]. 

 Manual measurement, response method, 

profilography, and lightweight and high-speed 

inertial profilometry have been used to measure 

the unevenness height for road roughness 

measurement. With the development of new 

technologies, even better methodologies have 

become available to capture the pavement 

roughness and the required standards for its 

acquisition and investigation have been already 

codified.  [ASTM E1926 –08 (2021); AASHTO 

(2008); Du, Y et al. (2014); Sayers, M.W. and 

S.M. Karamihas (1998); Gillespie, T.D (1980); 

Akhter, M et al., (2003)].   

PCI is a common criterion for assessing the 

pavement condition. This is a numerical index 

that ranges between 0 and 100 [Piryonesi and 

Tamber, 2020]. The value of PCI is related to 

defect type and intensity. These defects include 

alligator cracking, bleeding, block cracking, 

bumps and sags, corrugation, depression, edge 

cracking, joint reflection cracking, lane/shoulder 

drop off, long and trans cracking, patching and 

cut patching polished aggregate, potholes, 

railroad crossing, rutting, shoving, slippage 

cracking, swelling, weathering/reveling  [Shahin, 

2006; Huang, 2004; ASTM D6433, 1999].  

IRI is usually acquired using special sensors 

attached to a vehicle, while PCI is evaluated 

through visual field visits or simply from images 

[Putra and Suprapto, 2018]. The abovementioned 

types of defect are recognized by the Road 

Maintenance and Transportation Organization 

(RMTO) of I.R. Iran and the relevant data has 

been recorded. Considering the difference in the 

evaluation method between the IRI and PCI, it 
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has been recommended not to establish any 

relationship between the two indices. However, 

due to economic benefits of predicting PCI from 

IRI, prediction models have been proposed for 

relating these two indices [Arhin et al., 2015]. 

Although the LTPP dataset represents one of the 

largest and most popular sets of road performance 

data in the world, very limited research has been 

conducted on the correlation of PCI to IRI on the 

basis of this dataset [Piryonesi, 2019]. A research 

considered the correlation of the two indices 

based on the LTPP dataset using a total of 3954 

records. The developed regression model ended 

up with an R2 value of 0.31, which rendered 

undesirable. Once the data classification was 

reviewed and the required corrections were made, 

a regression model was presented as Equation (1), 

for which an R2 value of 0.697 was obtained 

[Piryonesi and Tamber, 2020]. 

𝐼𝑅𝐼 = - 0.045𝑃𝐶𝐼 + 5.024, 𝑅² = 0.697  (1) 

Various research works have been conducted on 

the PCI – IRI correlation. Based on a study on 

6000 pavement segments across the Iranian rural 

road network using the pavement images and 

linear roughness profiles, a correlation was 

developed to link the PCI and IRI. Analysis of the 

results showed that an exponential regression 

model can best describe the studied data. The 

models of this study are expressed as Equations 

(2) through (4), leading to R2 values of 0.999, 

0.9984, and 0.9996, respectively. [Adeli et al., 

2021]. 

PCI = -32.59ln(IRI) + 132.93,  

R2 = 0.999, 2.5 < IRI < 3.5 (m/km) 
(2) 

PCI = - 120.9ln(IRI) + 240.61,  

R2 = 0.9984,  3.5 < IRI < 5 (m/km) 
(3) 

PCI = 1.4088(IRI) 2 - 28.426(IRI) + 

154.75, R2=0.9996, 5 < IRI < 8 (m/km) 
(4) 

In another research, the data collected over a 

period of 2 years was used to develop PCI 

prediction models based on IRI in the District of 

Columbia. Results of descriptive statistics (i.e., 

average values) showed that the travel comfort 

was higher in express ways rather than main 

roads. Upon an analysis on the regression models, 

a statistically derived correlation was determined 

for expressing the association of IRI with PCI 

based on pavement performance and type 

classifications, leading to significant 

relationships with R2 values in the range of 0.56 

– 0.82. For instance, the regression models 

presented for the expressway and paved road are 

given as Equations (5) and (6) [Arhin et al., 

2015]. Noteworthily, IRI is in (in/mi) in the 

following models. 

PCIFWY = -0.215(IRIFWY) + 110.73, 

R2=0.56  
(5) 

PCIASP=-0.224(IRIASP) + 120.02,    

R2 = 0.82 
(6) 

In developing the HDM4 model, a number of 

effective defects were used to estimate the IRI, 

leading to significant correlations with acceptable 

R2 values [Deori, 2019]. In the developing 

countries like Iran, appropriate data on PCI and 

IRI measurements are limited in many roads due 

to limitations of budget and equipment 

availability [Mahmoudzadeh et al., 2019]. 

 In the present research, the data acquired over 

main roads in the Ardabil Province was used to 

study the IRI-PCI correlation. 

2. Methodology  

In this research, regression analysis was used for 

investigating the correlation of IRI to PCI. The 

regression is the most popular statistical 

technique for measuring and expressing the 

association of two quantities. We also used the 

Durbin–Watson statistic and the Kolmogorov–

Smirnov and Shapiro–Wilk tests. The results 

were then compared to those reported in some 

previous research works. Finally, the SPSS 

software was utilized to present the proposed IRI 

– PCI  model [ Hoffmann, 2021]. 

https://bookauthority.org/author/John-P.-Hoffmann
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3. Data Collection 

The data used in this study was based on the 

pavement information acquired by the RMTO 

during 2014, 2017, and 2020 along the main 

roads in the Ardabil Province, Iran. For the 

purpose of this research, the main roads in this 

province include Bileh Savar – Pars Abad T-

intersection, Razi-Aslandooz T-intersection, 

Meshkin Shahr-Ahar T-intersection, Ardabil-

Garmi road, Nir-Ardabil road, Ardabil-Sarcham 

road, Khalkhal-Ardabil road, Ardabil-Astara 

road, Garmi-Bileh Savar road, Givi – Givi T-

intersection, Khalkhal-Asalem road, Khalkhal-

Givi road, Nir-Sarab road, and Pars Abad-Jolfa 

road. Out of the entire 800-km length of these 

roads, we considered a total of 200 segments with 

similar characteristics and which were not 

rehabilitated and/or coated during the three 

acquisitions. Among these segments, the ones 

where the geographic coordinates of the surveyed 

points coincided for the three surveys were 

selected. For example, Figure 1-a shows the 

coordinates of the IRI readings along the 

Khalkhal-Ardabil road in 2014 and 2017, and 

Figure 1-b shows the coordinates of the points 

over this road where IRI was measured in 2017 

and 2020 [RMTO, 2020]. 

 PCI assessment was performed using image 

processing to classify different parts of the 

studied road segment by defect type and intensity. 

Examples of pavement defects are shown in 

Figure 2. Outliers or erroneous data can affect the 

model development. Accordingly, apart from 

precising the data, we addressed geographic 

coordinate’s errors, defective images, vision 

error, and low-quality images. Upon developing 

the model, a static relationship was found 

between IRI < 0.95 and PCI. That is, the PCI of 

all segments with IRI values below 0.95 was 

equal to 100. In this regard, we excluded all data 

points for which PCI was 100, and presented the 

model for 0.95 < IRI < 6.48. 

 
Figure 1. (a) Coincidence of the road segments surveyed in (a) 2014 and 2017, and (b) 2017 and 2020 
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Figure 2. Images of defective pavement along Ardabil – Sarcham road

4. Analysis of Results  

In a regression analysis, a basic assumption is 

the independence of error (i.e., the difference 

between actual values and the corresponding 

estimates). Should the error independence 

assumption be rejected and the errors are rather 

found to be correlated to one another, the 

regression analysis is no longer applicable. The 

Durbin – Watson statistic is usually used to 

measure the error independence. Indeed, a 

value in the range of 1.5 - 2.5 confirms the 

independence of errors [Oleh Anggraini and  

Siti wahyupa, 2019]. 

 According to Table 1, the Durbin–Watson 

statistic for the data considered in this research 

was calculated at 1.909, confirming the error 

independence assumption and justifying the use 

of regression analysis. Normality of the data 

was tested using the Kolmogorov–Smirnov and 

Shapiro–Wilk tests with skewness and kurtosis 

controls. As reported in Table 2, we obtained 

skewness values of 0.713 and -0.844 for IRI and 

PCI, respectively. Moreover, the value of 

kurtosis was found to be -0.334 and 0.117 for 

IRI and PCI, respectively. The fact that all of 

the mentioned values fell in the range of -1.96 

to 1.96 indicated the normality of the data  

[Arnastauskait˙e et al,2021]. 
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Table1. Model summary 

R 
R 

Square 

Adjusted 

R 

Square 

Std. Error  
Durbin-

Watson 

.996 .992 .992 .22493 1.909 

As is shown in Table 3, the Kolmogorov – 

Smirnov test led to a p-value of 0.2 for both PCI 

and IRI. The corresponding values to the 

Shapiro–Wilk test were 0.058 and 0.089 for the 

IRI and PCI, respectively. The fact that these p-

values were greater than 0.05 affirmed the 

normality of the data. Figure 3-a shows the 

histogram of the normal distribution for the 

linear regression model. 

Table 2. Statistics 

  IRI PCI 

N 
Valid 473 473 

Missing 130 130 

Mean 2.85 72.9 

Skewness .713 -.270 

Kurtosis -.334 -.117 

Minimum .96 11.60 

Maximum 6.48 99.90 

Correlation of the normal data was investigated 

using the Pearson’s test. As Table 4 suggests, 

the p-value was found to be smaller than 0.05 

and the correlation coefficient over 473 points 

was evaluated at -0.996, indicating a significant 

yet inverse relationship between PCI and IRI at 

a confidence level of 0.95. The linearity of the 

data was checked graphically on a diagram. As 

Figure 3-b shows, the data was found to be 

linear. 

Table 3. Tests of normality 

 Kolmogorov-Smirnov Shapiro-Wilk 

 Statistic df p-value Statistic df p-value 

IRI .086 473 .200 .933 473 .058 

PCI .067 473 .200 .931 473 .089 

Table 4. Correlations 

  IRI PCI 

IRI 

Pearson Correlation 1 -.996 

p-value  .000 

N 473 473 

PCI 

Pearson Correlation -.996 1 

p-value .000  

N 473 473 
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Figure 3. (a) Histogram of the normal distribution of the linear regression model, and (b) normal P-P plot of 

regression standardized residual

Various regression models have been used to 

improve the accuracy of predicting PCI from 

IRI data; these include linear regression, 

logarithmic regression, quadratic hyperbola 

regression, composite regression, power 

regression, and exponential regression. 70% of 

data was randomly selected and used for 

analyzing the model, with the remaining 30% 

used to validate the model. Table 5 presents the 

results of the regression models for predicting 

the PCI while Table 6 reports the output 

equations and correlation coefficients for 

different models. All models produced p-values 

below 0.05 Figure 4 demonstrates prediction 

performance of different regression models.

Table 5. Model summary and parameter estimates 

Equation 
Model Summary Parameter Estimates 

R Square F df1 df2 p-value Constant b1 b2 b3 

Linear .992 5.769E4 1 471 .000 113.768 -14.335   

Logarithmic .919 5.309E3 1 471 .000 108.512 -38.422   

Quadratic .991 3.490E4 2 470 .000 110.503 -11.911 -.362  

Compound .908 4.645E3 1 471 .000 139.834 .781   

Power .758 1.478E3 1 471 .000 123.842 -.629   

Exponential .908 4.645E3 1 471 .000 139.834 -.247   

Table 6. Models for predicting PCI from IRI 

Equation R Square Model IRI range 

Linear .992 PCI=113.768-14.335IRI  

Logarithmic .919 PCI=108.512-38.22ln(IRI)  

Quadratic .991 PCI=-0.362(IRI)2-11.911(IRI)+ 110.503 0.96<IRI<7.238 

Compound .908 PCI=139.834*0.781(IRI)  

Power .758 PCI=123.842*(IRI)-0.629  
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Exponential .908 PCI=139.834*e(-0.247IRI)  

 
Figure 4. Prediction performance of the developed regression model 

5. Model Selection 

In this section. We begin by investigating the 

developed models for predicting the PCI, as 

listed in Table 6. We then select the best model 

based on the mentioned indices. Considering 

the normal distribution histogram (Figure 3) 

and performance of the regressive predictor 

models coupled with the values of the mean and 

standard deviation as well as closeness of the 

predicted values to the observed ones, as 

explained in the following, our analysis on the 

effect of the independent variable (i.e., PCI) on 

the dependent variable (i.e., IRI), the best-

performing linear regression model was 

formulated as Equation (7). 

PCI = 113.768 - 14.335IRI,  

R2 = 0.992, 0.96 < IRI < 7.238 
(7) 

6. Discussion 

Table 1 indicates a correlation coefficient of 

0.992, meaning that PCI is correlated to IRI at 

a significance level of 0.99. We further 

obtained an R2 value of 0.992, meaning that PCI 

covariates with the IRI in about 96% of cases. 

Equation (8) gives a K2 coefficient of 0.01. This 

shows that some 1% of variations of IRI is not 

captured by the PCI.  

K2 = 1 – R2 = 1 - 0.992 = 0.008                                                                                         (8) 

Table 7 indicates a p-value smaller than 0.05 for 

the PCI, confirming it as a predictor of IRI. The 

negative value of the parameter B (B = – 0.093) 

indicates the inverse nature of the relationship 

between IRI and PCI. In such a case, the value 

of IRI decreases with increasing the PCI. The 

value of standardized beta in Table 7provides a 

measure of IRI variations per unit change in the 

standard deviation of PCI. That is, in this 

research, IRI decreases by 0.978 as the PCI 

increases by unity. 
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Table 7. Coefficients 

Model 

Unstandardized 

Coefficients 
Standardized Coefficients 

t p-value 

Collinearity 

Statistics 

B 
Std. 

Error 
Beta 

Toleranc

e 
VIF 

1 
(Constant) 10.847 .200  54.315 .000   

PCI -.093 .002 -.978 -39.060 .000 1.000 1.000 

As mentioned earlier, 30% of the entire data was 

selected on a random basis and used for 

validating the model. We further compared the 

predicted PCI values to the observed ones 

statistically and calculated the absolute percent 

deviation (APD) through Equation (9) to evaluate 

the robustness of the model. 

APD = ([Observed (PCI) – Predicted 

(PCI)] / Observed (PCI)) × 100 
(9) 

Investigation of the model and substitution of IRI 

values to predict the PCI before comparing it with 

the observed PCI led to relatively low APD 

values. For instance, considering the observed 

PCI values of 85, 70 and 55, which corresponded 

to observed IRI values of 1.97, 3.07, and 4.18, 

respectively, we ended up with predicted PCI 

values of 85.53, 69.76, and 53.85, respectively. 

Applying Equation (3), standard deviation was 

found to be 0.3, 0.34, and 2, respectively. 

According to Table 2, minimum and maximum 

values of observed IRI were 0.96 and 6.48, 

respectively, while the minimum and maximum 

values of PCI were 11.6 and 99.9, respectively. 

In the model obtained from this research 

(Equation 7), a relatively strong linear 

relationship was established between IRI and 

PCI. With this model, an IRI of 0.96 corresponds 

to a PCI value of approximately 100 while an IRI 

of 7.236 leads to a predicted PCI value of about 

10. In the research that led to the model expressed 

as Equation (1), the model predicted a PCI of 

about 100 at an IRI of 0.524. Another piece of 

work introduced three models. The first and third 

models predicted PCI values of about 100 and 

17.51 at IRI values of 2.5 and 8 m/km, 

respectively. In the study that ended up with 

Equations (5) and (6), the value of IRI was given 

in in/mi. Proposed for expressways, Equation (5) 

predicts a PCI of about 100 at an IRI of 49.9 in/mi 

(i.e.,0.79 m/km). Equation (6), which is designed 

for paved roads, a PCI of about 100 was predicted 

with an IRI of 89.3 in/mi (i.e., 1.41 m/km). The 

main distinction of the model presented in this 

research compared to similar models is the range 

of IRI in which they can operate. These ranges 

differ significantly, possibly because of the 

following reasons: 

 Difference in the type of data: other studies 

have used long-term pavement 

performance (LTPP) data or the data 

coming from rural roads, differing with the 

source of data in the present research. 

 Difference in road construction quality 

between different countries: the 

construction quality depends on the used 

material, tools, machineries, and standard 

regulations, making it behave differently in 

different countries. 

 Difference in pavement defect type 

between different locations: Particular 

pavement defects tend to affect the value of 

PCI although they impose no effect on the 

IRI. 

7. Conclusion 
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In this research, data from the Road Maintenance 

and Transportation Organization (RMTO) as well 

as field visits were used to formulate a correlation 

between IRI and PCI for the main roads in the 

Ardabil Province, Iran. For this purpose, we 

began by checking the error independence 

assumption using the Durbin – Watson statistic. 

The fact that the statistic fell in the range of 1.5 – 

2.5 confirmed the independence of error 

assumption, justifying the applicability of 

regression analysis to IRI-PCI association. Next, 

normality of the data was tested and confirmed 

using the Kolmogorov – Smirnov and the Shapiro 

– Wilk tests with skewness and kurtosis controls. 

Once the data normality was assured, Pearson’s 

test was applied and indicated an inverse 

correlation at 0.0978. The PCI-IRI regression 

model was established as PCI = 113.768 - 

14.335IRI, R2 = 0.992, 0.96 < IRI < 7.238. Given 

the obtained p-value (0.000), statistical 

significance of the model was approved.  

Performing a comparative analysis between the 

model presented in this research and those in 

other studies and also considering the result of 

validation analysis in terms of deviation of 

predicted values from the measured ones, the 

properness of the model presented in the current 

study was approved. The outcomes confirmed an 

inverse association between IRI and PCI. The 

developed model is hence recommended for 

predicting PCI from IRI along roads of similar 

conditions in the Ardabil Province, and even in 

the entire country upon a refinement stage. 

8. Acknowledgments 

The authors express their gratitude to the Road 

Maintenance and Transportation Organization 

(RMTO) of Ministry of roads and urban 

development of the I.R Iran for providing the IRI 

and PCI data. 

9. References 

-ASTM D6433(1999), Standart Practice for 

Roads and Parking Lots Pavement Condition 

Index Surveys 

-Akhter, M., Boyer, J., Hancock, M., Hossain, 

M.(2003) “Evaluation of Performance of Light-

Weight Profilometers”. Final Report. FHWA-

KS-01-2. Kansas DOT 

-AASHTO.(2008) “Standard specifications for 

transportation materials and methods of sampling 

and testing”. Washington DC: 2008. 

-Arhin,A.,Williams,L.,Ribbiso,A.,Anderson,M. 

(2015) “Predicting Pavement Condition Index 

Using International Roughness Index in a Dense 

Urban Area” Journal of Civil Engineering 

Research, 5(1): 10-17. 

-A.Putra, Donny., Suprapto, Mamok.(2018) 

“Assessment of the road based on PCI and IRI 

roadroid measurement” MATEC Web of 

Conferences195,04006,https://doi.org/10.1051/

matecconf/201819504006 

-ASTM E1926 - 08(2021) “Standard Practice for 

Computing International Roughness Index of 

Roads from Longitudinal Profile 

Measurements”.https://www.astm.org/Standards

/E1926. 

-Adeli,S. Najafi moghaddam Gilani,V.Kashani 

Novin,M. Motesharei,E. Salehfard,R(2021) 

“Development of a Relationship between 

Pavement Condition Index and International 

Roughness Index in Rural Road Network”, 

Hindawi Advances in Civil Engineering, Article 

ID6635820, 9 pages https://doi.org/10.1155/202 

1/6635820. 

- Arnastauskait˙e, J., Ruzgas, T., Mindaugas, 

B.(2021) “An Exhaustive Power Comparison of 

Normality Tests” Mathematics 2021, 9, 788. 

https://doi.org/10.3390/math90707 88 

https://doi.org/10
https://doi.org/10.3390/math907%200788


Predicting a Pavement Roughness on the Basis of PCI Data 

International Journal of Transportation Engineering,  

Vol. 10/ No.1/ (37) Summer 2022 
957 

 

-Du, Y., Liu, ch., Wu, D., Jiang,Sh.(2014) 

“Measurement of International Roughness Index 

by Using-Axis Accelerometers and GPS”. 

Mathematical Problems in Engineering. 

-Deori, S., Choudhary,R, Tiwari, D., Kumar, A. 

(2019). “HDM-4 deterioration modelling: 

validation and adoption for flexible pavements 

with modified bituminous road surfacing” the 

Baltic journal of road and bridge engineering, 

Volume 14 Issue 2: 208–226 

-Gillespie, T.D.(1980) “Calibration of response-

type road roughness measuring systems”.  

-Huang, Yang h,(2004) “Pavement analysis and 

design,2nd". Pearson 

- Hafez M, Ksaibati K, Atadero R (2019) Best 

practices to support and improve pavement 

management systems for low-volume paved 

roads. Int J Pavement Eng 20(5):592–599 

- Ibrahim, E. M., El‑Badawy, S.M., Ibrahim, M. 

H., Elbeltagi, Emad.,(2020) “A modified 

pavement condition rating index for flexible 

pavementevaluation in Egypt” Springer Nature 

Switzerland AG 2020, 

https://doi.org/10.1007/s41062-020-00304-z 

-Jannat GE, Tighe SL (2015) Performance based 

evaluation of overall pavement condition indices 

for Ontario highway systems.In: TAC 2015: 

Getting you there safely-2015 conference and 

exhibition of the transportation association of 

Canada//ATC: session of the 2015 conference of 

the transportation, EKP,vol 13, no 3, pp 1576–

1580 

-John P. Hoffmann(2021). “Linear Regression 

Models” Chapman and Hall/CRC; 1st edition  

-Mahmoudzadeh, A., Golroo,A.,Jahanshahi,M., 

Firoozi Y,S.(2019) “Estimating pavement 

roughness by fusing color and depth data 

obtained from an inexpensive RGB-D sensor,” 

Sensors, vol. 19, no. 7, p. 1655. 

-Ministry of roads and urban development, road 

maintenance and transportation 

organization(RMTO), department of road 

maintenance, center of data mining and 

transportation infrastructures management,2020 

-Nam BH, An J, Kim M, Murphy MR, Zhang Z 

(2016) Improvements to the structural condition 

index (SCI) for pavement structural evaluation at 

network level. Int J Pavement Eng 17(8):680 

6976.  

-Naaman, Michael (2021). "On the tight constant 

in the multivariate Dvoretzky-Kiefer-Wolfowitz 

inequality". Statistics and ProbabilityLetters. 

173:109088. doi:10.1016/j.spl.2021.109088. S2

CID 233844405 – via Science Direct 

-ODOT(The Ohio Department of Transportation) 

(2004) Pavement condition rating system 

4(10):1–3 

-Oleh Anggraini.,Siti wahyupa(2019) “The effect 

of gender on genre preferences and reading 

achievement to ninth grade students’ of junior 

high school”.Vol.14 No.4 Nopember2019. 

http://ejurnal.binawakya.or.id/index.php/MBI 

-Papagiannakis, A.,Gharaibeh,N., Weissmann,J., 

Wimsatt A (2009) Pavement scores synthesis. 

Project FHWA 0-6386 Report No.FHWA/TX-

09/0-6386-1, 7(2), 152. 

-Piryonesi,S. Madeh.,El-Diraby, Tamber E. 

(2018) “Data Analytics for Cost-Effective 

Prediction of Road Conditions: Case of the 

Pavement Condition Index”. Washington DC: 

2018. 

-Piryonesi, S. M (2019) “The Application of Data 

Analytics to Asset Management: Deterioration 

https://doi.org/10.1007/s41062-020-00304-z
https://bookauthority.org/author/John-P.-Hoffmann
https://www.amazon.com/dp/0367753669?tag=uuid10-20
https://www.amazon.com/dp/0367753669?tag=uuid10-20
https://www.sciencedirect.com/science/article/pii/S016771522100050X
https://www.sciencedirect.com/science/article/pii/S016771522100050X
https://www.sciencedirect.com/science/article/pii/S016771522100050X
https://en.wikipedia.org/wiki/Doi_(identifier)
https://doi.org/10.1016%2Fj.spl.2021.109088
https://en.wikipedia.org/wiki/S2CID_(identifier)
https://en.wikipedia.org/wiki/S2CID_(identifier)
https://api.semanticscholar.org/CorpusID:233844405


Mahmoud Reza Keymanesh, Shahin shabani, Sayyed Reza Moosavi 

International Journal of Transportation Engineering,  

Vol. 10/ No.1/ (37) Summer 2022 
958 

 

and Climate Change Adaptation in Ontario 

Roads”. University of Toronto. 

 -Piryonesi, S.M and El-Diraby, T.(2020) 

“Examining the Relationship Between Two Road 

Performance Indicators: Pavement Condition 

Index and International Roughness Index”, 

Transportation Geotechnics, doi: https://doi.org 

/10.1016/j.trgeo.2020.100441 

-Piryonesi, S.M., El-Diraby, T.(2020) “Data 

Analytics in Asset Management: Cost-

EffectivePrediction of the Pavement Condition 

Index”.J Infrastruct Syst 2020;26:04019036 

.https://doi.org/10.1061/(ASCE)IS.1943-555X.0 

000512.http://tti.tamu.edu/docum ents/0-6386-

1.pdf 

-Sayers, MW., Gillespie, TD., Paterson, 

WD.(1986) “Guidelines for Conducting and 

Calibrating Road Roughness Measurements” 

World Bank Tech Pap No 46. 

-Sayers, M.W.,  S.M. Karamihas(1998) “The 

little book of profiling”. University of Michigan. 

-Shahin,Mohamed Y (2006) “Pavement 

Management for Airports, Roads, and Parking 

Lots 2nd Edition”. Springer. 

-Sharma, Rajesh., Bhandari, Rajeev K. 

(2015), "Skewness, kurtosis and Newton's 

inequality", Rocky Mountain Journal of 

Mathematics, 45 (5):16391643, doi:10.1216/RM

J-2015-45-5-1639, S2CID 88513237 

-Smith, K., Ram, P.(2016) “Measuring and 

Specifying Pavement Smoothness”. New Jersey. 

-Zavagna, P., Khanal, A., Souliman, M.(2018) 

“LTTP Data Analysis: Factors Affecting 

Pavement Roughness for the State of California” 

jurnal of materials and engineering structures5 

(2018) 319–332. 

 

https://doi.org/
http://tti.tamu.edu/docum%20ents/0-6386-1.pdf
http://tti.tamu.edu/docum%20ents/0-6386-1.pdf
http://projecteuclid.org/euclid.rmjm/1453817258
http://projecteuclid.org/euclid.rmjm/1453817258
https://en.wikipedia.org/wiki/Rocky_Mountain_Journal_of_Mathematics
https://en.wikipedia.org/wiki/Rocky_Mountain_Journal_of_Mathematics
https://en.wikipedia.org/wiki/Doi_(identifier)
https://doi.org/10.1216%2FRMJ-2015-45-5-1639
https://doi.org/10.1216%2FRMJ-2015-45-5-1639
https://en.wikipedia.org/wiki/S2CID_(identifier)
https://api.semanticscholar.org/CorpusID:88513237

